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Are you where you need to be?
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Are you where you need to be?

What challenges are you facing?

What is driving my losses

Ideation
— Who do you involve in developing your analytics?
— Where is the data?
— Does my analytics model correlate to processes and goals?
— What steps can | take to improve?

Are your goals linked to company goals?
Do your metrics use a common language?
Are your metrics reactive or proactive?
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€ BigData

C-level leaders are grappling with how to balance Art and Science in their
decision making processes

Competing
w/ Art &

Science: o : Art: Experience
Analytics & Data S & Advice

Decision

Making
* Predictive modeling * Personal experience
* Machine learning * Advice from others
e Text and video analytics * Trusted sources of
e Simulation and scenario information
planning * Intuition

* Recommendation engines

Only 38% of respondents placed the most reliance on “data and analytics” oriented

inputs in their last decision (Source: PwC's Global Data & Analytics Survey 2014)

PwC 6



€ BigData

“Behavioral”, “skill-related” and “data quality” are sited as barriers to data-
driven decision making

Barriers to integrating more data and analytics in decision-making

Low quality, accuracy or completeness of data| | 35%
Limited direct benefit to my role I 30%
Difficulties in assessing which data is truly useful I 30%
Other senior management lack the necessary skills I 29%
Problems supplying or communicating data insights | | 23%

I lack sufficient skills or expertise pEEEEE 20%
Ability to take actions based on data insights or analysis puEEESS———— 11%

Doubts about usefulness for strategic decision making pmmmsm 5%

Senior management already has enough information ] 5% Behaviors and skills are

Presentation of data is in an unusable format ] 3% major barriers

Other senior management
lack the necessary skills or
expertise

There is limited
direct benefit to
my kind of role

I lack sufficient
skills or expertise

pwC  PwC's Global Data & Analytics Survey 2014; Q18. What do you consider to be the biggest barriers or issues that prevent you from making 7
greater use of data and data analysis when making big decisions? Select up to two. Note: Responses add to more than 100%



€ Big Data

Big Data is part of a broader data evolution which has impacted technology,
information management and advanced analytics

Data Evolution 2010+

Open Source
Analytics
Software

Data
Visualization

- = 3 Embedded
" Analytics
Business K 5

1980' \ Intelligence Predictive

Modeling =\
1970’s > —
7 Multi-method i
& £ Ny X Simulation Ll e A
= g Reports il Data Tools
Data Finance ) o e
Processing Management _ The Data
- i = =9 Warehouse
Coupes L o I Appliance
Punchcards 5 Lﬁ; D @
OLTP - Z ;
Analog Video Il The Data
’ @ Worker i Scientist
Audio
Social
Media ro
Smart Phones &
Tablets
KILOBYTES MEGABYTES GIGABYTES TERABYTES PETABYTES EXABYTES

PWC 8
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@ Strategyand Goals

PwC

Data Silo Conundrum

Data considered and aggregated for analysis should be determined by company-wide
strategic objectives. Not doing so leads to “data silos” and one-off analyses.

Merchant

Supply Chain Data

Data POS Data

Risk
Management
Data

Operations
Data

Financial
Data

Company-
wide
Strategic
Objectives

System Data

10



@ Strategyand Goals

Linking Your Goals With Company Goals

LP / AP Goals: Drive

Performance

e Profitable Sales Growth
e Margin Enhancement

e Shortage Control
e Spoilage Mitigation

e Safety e Customer Experience
e Operational Audits e Operational Excellence
e Crisis Management e Brand Enhancement

* Inventory integrity e In-stock performance
e Food Safety e Consumer Confidence
e Team Competencies Goal e Talent Development

e Turnover Risks Linkage e Talent Retention

. J

PwC 11




@ Strategyand Goals

Risk Drivers
&
Risk Prevention

PwC

Proactive Analytics
( Insightful: forward view)

_ Proactive
Proactive
. Performance-
Risk-Based based
Analytics Analytics
Performance
Drivers
&
Risk Mitigation
) R iv
Reactive eactive
R Performance-
based
Analytics Analytics
Reactive Analytics

(Informational: Rear-view) 12



@ Strategyand Goals

Proactive Analytics
( Insightful: forward view)

Proactivelmfoaq

What are the

performance drivers
that cause
turnover?

Performance

Risk Drivers )
& Dn;ers
Risk Prevention | Risk Mitigation
~ Historically

Historically Poor HR

High Planning
Turnover =

= gh turnover

Higher Shrink =

/’ sher Shrink/’

Reactive Analytics
PWC (Informational: Rear-view) "




@ Strategyand Goals

N /

Cor

What are the performance drivers that cause
turnover?

* Job Competencies and role expectations

* Applicant Screening

* On-boarding and training

* Leadership & Performance Management

* Talent Development and Career Mapping

e Compensation and Benefits

* Full time / Part time ratio....

How do I link turnover to company strategies
and goals?

PwC
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€ Data Analytics

Year Presidential Election Rule
Result upheld?

Correla tion Vs Causation 2012 Obama defeats Romney no

2008 Obama defeats McCain yes

2004 Bush defeats Kerry yes

2000 Bush defeats Gore yes

1996 Clinton defeats Dole yes

1992 Clinton defeats Bush yes

The IIRedSkin RUIe’, 1988 Bush defeats Dukakis yes
1984 Reagan defeats Mondale yes

. . . 1980 Reagan defeats Carter yes

When the RedSkInS alin thelr 1976 Carter defeats Ford yes
home game before the 1972 Nixon defeats McGovern yes
National Presidential election, 1968 Nixon defeats Humphrey yes
the pa rty Of the incu m bent 1964 Johnson defeats Goldwater yes
President retains the 1960 Kennedy defeats Nixon yes
preSid en Cy, Whe n the 1956 Eisenhower defeats Stevenson yes
Redskins |Ose’ the opposition 1952 Eisenhower defeats Stevenson yes
pa rty W| ns 1948 Truman defeats Dewey yes
1944 Roosevelt defeats Dewey yes

1940 Roosevelt defeats Willkie yes

1936 Roosevelt defeats Landon yes

1932 Roosevelt defeats Hoover no

PwC 16
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€ Data Analytics

Validating & Quantifying Decomposing Total Estimating Future
Drivers of Impact Impact Impact

Input Variables

Q G @ 0 GG 0 ______________________________________
020 o) | |
(1] 0@ G®Q0 o9 g g Dt
0’0 o O : :
c?
Algorithms Gy
ET
Q00-o
35 25 20 10 10 K
Statistically Significant Variable Total Shrink Dec:hr:i?‘ised ; Estimated
i Shrink

and Weightings

PwC 17



€ Data Analytics

Questions addressed:

Questions
addressed: A. What could be driving
(A) Harness results?

E. How accurate and analytics modell " thinking of

useful is my . based on lfsd cross-functional B. Where is the relevant

. accuracy an . .

analytics model? < - data? Does it exist?

F. How can | improve (E) Test the s
. £ ) ngage
upon the accuracy NGRS il il e
) model agamst and I in th

the model? data . Insights process

=

analysis to test | hypotheses and
and validate design the
hypotheses analysis

Questions addressed:

C. What is the most relevant analytics model or
methodology?

PwC D. Which hypotheses are valid? Where are there quick hits? 18



€ Data Analytics

Example: Shrink Predictive Model Development

Develop Hypotheses Leverage Analytics Operationalize & Refine

* Included LP, Inventory Control * The analytics team leveraged * The model was used to apply risk
Merchandising, Operations, modeling techniques to boil down ratings to individual stores to help
Finance, Store Management, Supply the data into 8 driving factors structure future preventative

Chain, Logistics, IT, Analytics strategies
8 y * Some were expected, such as a

* Hypotheses included crime rates, presence of a security guard and % 50 | [[cneemn | ot [0 s [ e | com P
store type, manager tenure, cash over/short S ] o o o =
category mix, NPS, inventory levels, SEEEEE e

o . * Some were unexpected, such as et o e ot
unit integrity : e ——— e
renovations and sell through rate o e

* Aligned hypotheses 82 different T e e R

data elements plus 60 derived e e

variables; pulled from many Variable Name Definition El category based o

different systems increase in varinble*

* The model also identified key

12

[Presence of security .
a ' |Whether security guard is present or not
e — thresholds for each main driver of
e T o % of amount of Derived variable caleulated as:
Receipt lequipment division  |1/(Equipment division sales (monthly . . . .
quip quip! y
Keyed gﬂmfhgﬂ?ﬂﬂ sales by sales amount |average) / Sales amount (monthly average)) S rln to asslst |n t e Ongolng
e Return Units
Audit Caver Days. Units sold per square |Derived variable caleulated as: Units sold / mon |t0 rl n effo rts
SuliSoors o | Scoe Alrs Escalted foot of sellingarea  [Selling area (Monthly average) g
Case Stolen Amount | Score: Alerts Generated
T Seore: im\::.-\vm#ble " =
Score: Atmosy e Ref Ni . : fer fariable
Earned Hours e = Derived variable calculated as : 1/(actual dapendent varabh asimm]Minimun] e
Ttems In Suspended Trar| o \Actual hours
e Score: Ease Locating | StoreReal Estate Tipe hours (monthly average)) [— i AL | A
Mobile POS Net Sales Seore: Friendliness Che| Tot Payroll Amount
Number Carton Shipmer| S i | ST R hack (amt fn ) from 1826 a4s| 1404 1478 L3 14| 15.99)
NumberCartons O ] T A % of amount of cash  |The cash over or short (monthly average) - 158
Score: Likelihood To R § . - .
:]Tum:r(‘nshoru—s'hﬂrl Seore: Likelihood To Ry ToteLeling Spacesize lover or shortby sales |expressed as percentage of sales (monthly oot sl ol 2sl 2m  sel o] 2l
Number Fr Totel Space Sise lamount average) £
Numbor Gift Cards Reded Towl&torage Spare
3 froe iverse o ctus o son|  wafascal amed sesn|  avisfaonss
Transsetiens |Renovation category |Stores where renovation categoryis (amo rase of cash overshortas|
3 Zip Postal Code lof store — remodel “Remodel” 3 ot sles oo o0e%]  ooon| 00i%| ool caon|  0.00%) 0oi
NumberOfHHT =Ll
NumberOfMpos Device] Score:Team Friendly And Sincere senovation ategoryremasel ™ | o
Score: Recommend Matching Needs . i
NumberOfRegisters | o b 4saik claceification Locality categoryof  |Stores where locality category value is
NumberStandard POSR) ¢y ou oo hinmoy lstore — street g " 3 Locality category street 1 ofna 1 ofna
g:"‘r’sg‘(sl’“‘d“d'““ Shrink Combined Net Sales "
vertime Houts Shrink Combined Unit Sale: - N y -
Presence OFEAS Ol % of amount of media |Derived variable calculated as: % of amount l2 stk ot sl o e I i [ I i i

Presence Of SecurityGuq g ik Unit Lost lexchange cash back by|of media exchange cash back (monthly
B o Shrink Unit Lost Percentage: |sales amount average)/ Sales amount (monthly average)
al Estate Categony | gyandard POS Net Sales

Real EstatoConcopl | store First Open Date
Store Last Renovation Dt

PwC 19
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@O Operationalization

Results Equation

Processes + Analytics + Behaviors = Results

PwC 21
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Are you where you need to be?

e Past the “Redskin” Rule

 How is your team balancing the art and science of
decision making?

* Have you moved from reactive to proactive?
e How mobile is your data?

* Have you tied your goals and metrics into the
broader company goals and metrics?

23
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PwC’s Loss Prevention, Strategy
and Analytics Service

William Titus: Managing Director, Loss
Prevention Strategy and Analytics
Email: william.m.titus@us.pwc.com

Suni Shamapande: Director, Loss Prevention Silas Fisher: Manager, Loss Prevention
Strategy and Analytics Strategy and Analytics
Email: sunwa.k.shamapande@us.pwc.com Email: silas.s.fisher@us.pwc.com

24
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Thank you!

© 2015 PricewaterhouseCoopers LLP, a Delaware limited liability partnership. All rights reserved. PwC refers to the US member firm, and may sometimes
refer to the PwC network. Each member firm is a separate legal entity. Please see www.pwc.com/structure for further details.

This content is for general information purposes only, and should not be used as a substitute for consultation with professional advisors.



